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» Limited Egocentric Data: Existing approaches are fundamentally constrained
by the scarcity of egocentric video data, which hampers the effective training of

» Retrieval-Induced Misalignment: Prior methods rely on retrieving exocentric
videos to facilitate egocentric model training; however, this dependency
iIntroduces additional retrieval overhead and representation misalignment,

Drawing on findings from cognitive science showing that children learn by
observing others’ behavior (an exocentric view) and mapping these observations
onto their own experiences (an egocentric perspective), we propose to establish

Motivation

large-capacity models.

ultimately leading to unstable performance.

a robust mapping between the two perspectives.
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Framework
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We construct Ego-ExoClip, a pre-training dataset
comprising 1.1M synchronized ego-exo pairs.

To bridge the gap between exocentric and egocentric domains, we propose a progressive multimodal training paradigm,
which includes the stages of Demonstrator Self-Preparation, Demonstrator-Learner Guidance, and Learner Self-Practice.
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Performance Qualitative Comparison

Our method achieves superior performance across eight different benchmarks compared to a wide
range of competing methods.

To visually compare the performance of different MLLMs, we present

two qualitative examples from different tasks.

Method ES QAEgodD EgoTaskQA CE  EK  EP  VLN-QA  EgoMCQ @ Summarize the process c uses to prepare her brush for painting
Acc. Acc. Acc./Score .Acc. Acc: mAP mAP Acc. Acc. Acc. Acc. @R and how it contributes to the artwork's quality.
Specific Egocentric Methods |
EgoVLP - 22.6 17.3/1.9 425 38.7 250 26.0 : : : :
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Ablation Study

Through extensive ablation studies, we validate the effectiveness and soundness of each individual
component as well as the overall architectural design.
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Considering the progress shown in the video and my current
observation 1n the last frame, what action should I take next in
order to chop vegetables?
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